How over interpretation of simple behavioral models can lead to unexpected results: In
search of the optimal sampling distributions for delay values on the Restaurant Row Task
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Background

In the Restaurant Row task (Steiner and Redish 2014) animals make sequential wait/skip decisions at 4
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these logistic functions represent the relative value of each reward option. The longer animals are from below

willing to wait, the more valuable the reward. Previously delay values were sampled randomly from a | |
uniform distribution, which results in a large number of easy decisions (delays well below or above 0 10 20 30 0 10 20 30 0 10 20 30 0 10 20 30
threshold will be accepted or rejected at nearly 100% rates). In order to maximize the information
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gained from each feeder visit, it would be optimal to sample most heavily near the threshold of the g fg fg fg — L O
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Simulation: Precision and Accuracy of different sampling distributions | | Precision from Rat Data
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What goes wrong with Unimodal Sampling?
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We simulated 4 sets of 50 trials with an actual threshold at 5, 10, 15, and 20
seconds, and tested the precision and accuracy of the different sampling
distributions on the measured thresholds from the Bayesian GLM.
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How Consistent are Flavor Preferences on the Restaurant Row Task?
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On this task we model animal’s decisions as a logistic function. Optimal 0 30 0.4 0.4
sampling for this function would weight sampling nearer the threshold. %fg I .
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v flavor preferences on the restaurant row task are similar to human flavor

preferences, in that they are generally consistent but vary day by day




